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Abstract—Information and Communication Technol-
ogy (ICT) progression has notably impacted the shift
from traditional public services to digital alternatives.
Among the various digital services, m-government ser-
vices, provided by smartphone technology, have gained
widespread popularity. Unfortunately, the broader adop-
tion of digital technology encounters several challenges,
including insufficient user interest and acceptance, as well
as concerns regarding security and user privacy. The
primary goal of the research is to address the existing gap
in the literature by examining the factors that contribute
to the effective implementation of m-government services.
A mix of key components is employed, incorporating the
Information Systems (IS) Success model and Technology
Acceptance Model (TAM) as research variables. The
research applies a quantitative approach in the form of
an online survey. Furthermore, a Partial Least Square-
Structure Equational Modeling (PLS-SEM) analytic ap-
proach is performed to evaluate 230 data points. The
research findings support five hypotheses while rejecting
three hypotheses. Significantly, the findings suggest that
perceived usefulness and ease of use influence behav-
ioral intention considerably. Additionally, constructions
related to service quality significantly impact behavioral
intention. Meanwhile, both system quality and informa-
tion quality do not contribute to affecting behavioral
intention. Furthermore, information quality exerts a
substantial impact on perceived usefulness, but it does
not influence perceived ease of use. Finally, it is observed
that system quality significantly affects the perceived ease
of use.

Index Terms—M-Government Service, Public Health
Service, Peduli Lindungi Application, User Acceptance
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I. INTRODUCTION

THE swift advancement of Information and Com-
munication Technology (ICT) has a significant

influence on public services, commonly denoted as e-
government services [1]. E-government services em-
ploy ICT in the form of hardware, including smart-
phones, computers, tablets, and other devices. These
technologies leverage wireless Internet networks to
deliver public services with increased effectiveness
and efficiency [2]. The utilization of e-government
offers numerous benefits, such as the augmentation
and dissemination of official information, enhance-
ment of public service quality, and broadening public
access [3]. Furthermore, extant literature also shows
that incorporating ICT in the public sector can further
amplify comprehensive public access to the decision-
making process [4–6]. Finally, enhancing the efficiency
and effectiveness of the government bureaucratic sys-
tem is an inevitable end goal.

The COVID-19 pandemic has exerted substantial
pressure on the government, necessitating prompt and
informed decision-making in delivering public services
to the community [7]. The adoption of ICT has played
a substantial role in addressing communal issues posed
by the Coronavirus. It encompasses the distribution of
accurate information and the implementation of contact
tracing strategies, effectively mitigating the impact of
the distribution of the Coronavirus [8–10]. Amidst the
pandemic, as highlighted by previous research [10],
ICT plays an important role as the primary means for
accessing governmental health services. This transition
exemplifies the emergence of innovative approaches
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in digital health technology. Notably, digital contact
tracing and exposure notification applications represent
novel approaches aiming to curb the transmission of
COVID-19 through smartphones [6, 11]. Regrettably,
in developing countries like Indonesia, policies for han-
dling the COVID-19 pandemic crisis are less effective
due to a poor sense of crisis in policy making, negative
perceptions of gradual decision making, loss of ratio-
nality in decision making, and unclear coordination
from the central government [12]. As a consequence, it
has led to chaos and confusion within the community,
exacerbating the burden of the crisis.

Current research indicates that numerous countries
are adopting mobile applications as innovative tools
for public health services in managing the COVID-
19 pandemic [13]. Public services that leverage smart-
phone technologies are commonly referred to as mobile
government services (m-government) [2, 10, 14–21].
M-government services represent an evolutionary and
expansive phase of e-government [14, 22]. They facili-
tate transactions and services among the public, private
sector, employees, and other government organizations,
utilizing smartphone technology and Internet access for
support [2, 10, 14, 21]. In this context, smartphones
serve as ICT devices, enabling the public to access
government services during the outbreak. Moreover,
the central government of the Republic of Indonesia, in
conjunction with the COVID-19 handling committee,
has introduced the “Peduli Lindungi” application as a
trusted and regularly updated source of information on
managing the COVID-19 pandemic crisis. The Peduli
Lindungi application, a government public health ser-
vice utilizing smartphone technology, exemplifies a
form of m-government services. Importantly, these ser-
vices play a pivotal role in the ongoing trends shaping
the development of current service delivery [23].

Recently, there has been a burgeoning interest
among researchers in investigating the utilization of
mobile technology for providing public health ser-
vices, particularly in the context of the COVID-19
outbreak [10, 13, 24]. It is because m-government
services offer distinct advantages over the use of e-
government [25]. These benefits encompass improved
efficiency and effectiveness, cost-effectiveness, simpli-
fied and expedited access to information, along with
heightened transparency and accountability [10, 14,
17]. Furthermore, existing research highlights the ben-
efits of m-government services amidst the Coronavirus
crisis, demonstrating their effectiveness in significantly
reducing the risk of spreading cases [13, 24]. More-
over, these services play an essential role in lowering
the ongoing negative impact on the economic and
social sectors [24]. On the other hand, m-government

services can offer advantages in addressing the chal-
lenges and limitations of wireless coverage in certain
areas [9, 16].

Although using mobile applications provides many
benefits, low user adoption poses a significant obstacle
to realizing these benefits [26]. In addition, various
technical problems have been raised, such as problems
related to user security and privacy concerns [2, 13].
Additionally, there is a lack of citizen interest in
electronic-based services due to the negative image
of the government as a service provider [2]. These
factors contribute to the lack of user acceptance of ICT,
resulting in suboptimal use [27–29]. Recognizing the
significance of tackling these challenges, it is impera-
tive to empirically examine the aspects that contribute
to the effective implementation of m-government ser-
vices [2, 14–21, 30–38]. This need has prompted
previous studies to suggest evaluating system imple-
mentation to improve progress and development [39].
Moreover, assessing user acceptance behavior is crucial
for effectively utilizing m-government services in a
developing context [2, 10].

The research stands apart from previous studies as
the existing literature predominantly focuses on e-
government adoption, with an emphasis on traditional
web-based services. However, the characteristics of
smartphones introduce significant differences [10]. For
instance, smartphones are designed and equipped with
various special features, enabling access to an Internet
network from anywhere and anytime [14–17, 20, 32,
34]. This design facilitates direct communication with
government service providers, making it more conve-
nient for users to receive messages. Despite the evident
shift towards mobile technology, existing literature
demonstrates that the exploration of m-government
services is a recent focus of research. Previous re-
search has primarily concentrated on the acceptance
of e-government systems, overlooking the distinctive
features of smartphone systems [10, 14]. This gap in
research has led to a deficiency in empirical investi-
gation into the adoption of smartphone services [2]
and limited research examining the factors conducive
to the viability of m-government services [14]. The
research makes a substantial contribution to the current
body of knowledge by evaluating the adoption of m-
government services, particularly in the context of
Indonesia, to bridge the literature gap.

To address a research void caused by a lack of
earlier interest in adopting m-government services,
the researchers formulate a research question: “What
factors influence an individual’s behavioral intention
to use m-government services?” The research employs
the Technology Acceptance Model (TAM) framework
to assess the adoption of the m-government service,
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Peduli Lindungi. Moreover, external variables from the
Information Systems (IS) Success model have been
incorporated into the conceptual model to broaden the
analytical scope. Within this framework, the IS Success
Model serves as a construct measuring the overall im-
pact of the information system. Simultaneously, TAM
evaluates technological quality from a technical factor
perspective. These two theories collectively offer a
comprehensive framework to explain the technological
factors that significantly contribute to the successful
adoption of the Peduli Lindungi application in Indone-
sia.

A. Technology Acceptance Model

The Technology Acceptance Model (TAM) is a
conceptual framework derived from the Theory of
Reasoned Action (TRA), designed to analyze how
users accept and use technology. TAM is particularly
well-suited for modeling the acceptance of information
systems due to its ability to explain determinants of
a general nature and user behavior [31]. This model
can delve into the causal connection between the
introduction of an innovative technological system
to users affected by its perceived usefulness and
ease of use [2, 40]. These two construct variables
signify overarching determinants, encapsulating users’
subjective evaluation of the advantages offered by
the technology [2]. Expanding upon the TAM, a
comprehensive research model is formulated. Previous
scholarly inquiries have identified a noteworthy
affirmative influence between the core constructs of
the TAM and the intention to utilize it within the
m-government context [2, 31]. In a previous research
on the diffusion of m-government among 365 local
communities in the UAE, the results indicate that the
core constructs of TAM exert a positive impact on
the adoption of m-government [31]. Similarly, the
survey of the distribution of m-government among
161 students in Germany finds that the core constructs
of TAM significantly predict the use of m-government
services [2]. Derived from the preceding results, the
researchers suggest the following hypotheses.

H1: Perceived Usefulness (PU) has a significant
impact on Behavioral Intention (BI).

H2: Perceived Ease of Use (PEOU) has a significant
impact on Behavioral Intention (BI).

B. Information Systems Success Model

The examination of the IS Success model within
the literature has experienced substantial advancement.
The formulation of the IS Success model comprises

elements such as System Quality (SysQual), Informa-
tion Quality (InfQual), utilization, user satisfaction,
individual influence, and organizational impact [41].
However, in its development, the core construction of
the IS Success model has received criticism from other
researchers, particularly regarding the use of “useful-
ness” as a measure of information systems [14, 42].
Usefulness is a variable introduced to replace the
“use” construct, aiming to measure the social impact
of utilizing information systems [43]. In response to
this criticism, the IS Success model construction has
undergone an update by adding a service quality con-
struct. This addition serves as a measure of the overall
impact of using information systems. Unfortunately,
the service quality construct in the IS Success model
primarily focuses on sustainable use and is not entirely
suitable for promoting the use of m-government [43].
To address this shortcoming, the researchers have
amalgamated the IS Success model components with
the TAM framework to measure the efficacy of m-
government holistically.

System Quality (SysQual) encompasses user
interface uniformity, ease of use, documentation
quality, and, in certain instances, computer code
quality and sustainability, which collectively
contribute to the overall evaluation of system
quality [42]. Transitioning to the importance of
SysQual, SysQual is emphasized as a critical
technical factor for measuring the system’s ability to
provide useful information, thereby influencing the
success of the technology used by customers [44].
Moreover, SysQual is closely associated with the
performance of e-government systems in carrying
out functions to ensure user convenience [45],
establishing it as a pivotal factor driving the use of
information systems [46]. Consequently, SysQual
plays an essential role in the spread of e-government
system technology as supported by previous research
demonstrating its strong impact [46, 47]. Previous
research analyzing 348 responses related to customer
hospitality demonstrates a substantial correlation
between SysQual and customer behavioral intention
in the hospitality sector [47]. Building upon those
previous results, the researchers posit the following
hypothesis.

H3: SysQual has a significant impact on BI.

InfQual is characterized by the effectiveness of
e-government outputs in fulfilling user needs [41].
Moreover, InfQual focuses on aspects such as the
pertinence, timeliness, and precision of the information
produced by information systems. It encompasses the
generation of information for decision-making and
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serves as a metric applicable to various systems [42].
Recognizing its significance, existing studies
have considered InfQual an important element in
assessing smartphone-based services [48–50]. This
acknowledgment is rooted in the understanding that
InfQual is an influential factor driving the use of
information systems. Furthermore, previous research
conducted has proven that InfQual strongly affects
BI in an e-learning context [46]. Likewise, an
empirical study provides further support by showing
that InfQual strongly affects BI in a mobile-based
hospitality service context [47]. Hence, the researchers
posit that the efficacy of InfQual plays a major role in
its utilization within the m-government context. Based
on these considerations, the following hypothesis is
proposed.

H4: InfQual has a significant impact on BI.

Service quality (SerQual) represents the support
factor received by users of government systems [41].
SerQual is essentially a user’s assessment of the
product or information, encompassing their perceived
SerQual [44]. This construct provides an all-
encompassing evaluation of the overall perspective
and comprehensive measurement of the general views
of the e-government system. It assesses the readiness
of the staff to deliver the necessary services, examines
system accessibility, and ensures the security of
transactions. Therefore, this construct serves as an
illustrative gauge of the degree to which e-government
services align with user expectations in fulfilling their
anticipated service needs [51]. Expanding upon the
consistent findings from prior research that affirm the
strong impact of SerQual on BI [30, 44, 47]. Hence,
the researchers assert that SerQual influences BI in
the context of m-government. Based on this idea, the
researchers build a hypothesis as follows.

H5: SerQual has a significant impact on BI.

C. Information Quality - Perceived Usefulness

Although InfQual is recognized as an influential
factor in information systems, existing literature has
shown its significant impact on PU [42, 52]. The
InfQual can contribute additional benefits, especially in
the presence of a new information system. It is argued
that InfQual influences the PU within the context
of the Online Public Grievance Redressal System
(OPGRS) context [42]. In addition, InfQual positively
affects PU in the mobile internet context [50]. Hence,
the researchers posit that good InfQual not only
influences users’ benefits but also enhances the PU

of new technology. This belief is grounded in the
understanding that high-quality information positively
contributes to the PU of a system. Therefore, the
following hypothesis is proposed.

H6: InfQual has a strong effect on PU.

D. Information Quality - Perceived Easy to Use

Existing literature incorporates content quality
when explaining InfQual and its relation to service
convenience [48, 52]. The quality of information
content plays a pivotal role in influencing the
ease of use steps on a website [42]. Moreover,
InfQual has significantly impacted PEOU in e-
government settings [42, 53]. Previous research
further supports this by showing that InfQual
significantly determines PEOU in the context of
mobile value-added services [48]. Therefore, the
researchers assert that good InfQual not only enhances
the overall user experience but also facilitates users’
navigation and utilization of m-government services.
Based on these considerations, the researchers propose
the following hypothesis.

H7: InfQual has a strong effect on PEOU.

E. System Quality-Perceived Easy to Use

SysQual is meticulously developed to meet
user needs and eliminate barriers to technology
acceptance [42]. A high SysQual has the potential to
instill a sense of comfort, security, and responsiveness
in operating technology [53]. As a technical factor,
SysQual is also concerned with addressing system
failures or “bugs” and ensuring ease of use. Previous
studies have consistently explored the positive
relationship between SysQual and PEOU [42, 53]. For
example, previous research surveys 942 respondents
in the context of web-based online retailing [53].
Meanwhile, another study uses 419 data points to
assess and validate the IS Success model in the
context of the e-government system [42]. Given
this body of research, the researchers assert that
a well-developed SysQual can effectively reduce
the perceived difficulty in using mobile services.
Grounded in this understanding, the researchers
propose the following hypothesis.

H8: SysQual has a strong effect on PEOU.

Figure 1 shows the conceptual model of the research
which shows the eight hypothesized paths used. It
has six variables. First, PEOU measures the degree of
user confidence that the Peduli Lindungi application
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Fig. 1. Conceptual model. It consists of Behavioral Intention (BI), Perceived Usefulness (PU), Perceived Ease of Use (PEOU), Information
Quality (InfQual), System Quality (SysQual), and Service Quality (SerQual).

provides benefits in accessing health services. Second,
PU shows the degree of trust that the Peduli Lindungi
application requires easy efforts to access health ser-
vices. Third, SysQual measures the performance of
technical attributes to carry out the function of the
Peduli Lindungi application. Fourth, InfQual analyzes
the quality of information availability in the Peduli
Lindungi application to help the users to carry out
health service transactions. Fifth, SerQual measures
users’ assessments of the service performance of the
Peduli Lindungi application in meeting users’ needs.
Last, BI examines the extent to which users select and
reuse the Peduli Lindungi application in future health
service transactions.

II. RESEARCH METHOD

The research applies a quantitative approach through
an online survey. This approach is selected based on its
appropriateness for scrutinizing the correlations among
variables in the adopted model, given the relatively
short data collection period and the specific goal of
evaluating the adoption of smartphone technology sys-
tems. In addition, the researchers employ both primary
and secondary data sources to collect research data.
Primary data are obtained through online surveys using
Google, Inc.’s Google form facility, whereas secondary
data are derived from pertinent articles and books.
Moreover, the research focuses on a specific demo-
graphic, which is citizens of Indonesia utilizing the
Peduli Lindungi application to access public health
services. Then, convenience and purposive sampling
methods are employed, with predefined criteria for

recruiting potential respondents, to collect the data.
The researchers distributed the online survey using a
questionnaire link from March 1st, 2022, to May 31st,
2022.

The disseminated questionnaire link contains 26
question items, with each item assessed using a Likert
scale ranging from 1 (strongly disagree) to 5 (strongly
agree). A combination of IS Success model concepts
into TAM is employed in constructing research vari-
ables. Additionally, each item in the research is adopted
from previous work and modified according to the
research objectives. In addition, within the TAM con-
struct, the PU latent variable consists of a five-item
scale from previous research [54]. The latent variable
of PEOU is assessed using a five-item scale from
previous research [55]. Moreover, SysQual utilizes a
four-item scale from previous research [42, 46]. Sim-
ilarly, InfQual has a five-item scale from previous re-
search [42, 56, 57], and SerQual consists of a four-item
scale from previous research [42, 57]. Meanwhile, the
latent variable of BI is a three-item scale from previous
research [42]. Furthermore, the guidelines are followed
to determine the minimum sample size [58]. A total of
233 responses are collected, and 230 data are analyzed
in the research. A minimum sample size to achieve
a statistical power of 80% is 174 [58]. Meanwhile,
another study suggests a sample size ranging from 160
to 300 for multivariate statistical analysis [59].

The analysis of Partial Least Square-Structure Equa-
tional Modeling (PLS-SEM) is used to calculate factor
loadings, Average Variance Extracted (AVE), Com-
posite Reliability (CR), and Cronbach’s alpha (CA).
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TABLE I
SAMPLE CHARACTERISTICS.

Item Category Frequency Percentage (%)

Gender Male 106 46.09
Female 124 53.91

Age < 17 years old 32 13.91
18–27 years old 130 56.52
28–37 years old 59 25.65
38–47 years old 9 3.92

Education High school or less 26 11.30
Undergraduate 142 61.74
Postgraduate 62 26.96

Application COVID-19 vaccine 42 18.26
Menu COVID-19 test results 14 6.09
Used Electronic-Health Alert Card (EHAC) 12 5.22

travel regulation 4 1.74
Quick-Response (QR) code 155 67.39
COVID-19 statistic 3 1.30

Previous studies are referenced to establish certain
threshold values, such as the factor loadings’ limit
of 0.7. It is considered essential to meet the mini-
mal criteria for convergent and discriminant validity
tests [47, 60]. Additionally, prior research recommends
setting the AVE limit value at 0.50 or above to ensure
minimum construct validity [61]. Meanwhile, the min-
imum threshold for Cronbach’s Alpha is established
as greater than 0.7 [62]. In the data processing phase,
two phases are completed. Initially, data with extreme
residual values are eliminated. Subsequently, the PLS
algorithm and bootstrapping method are used for data
calculation and analysis.

III. RESULTS AND DISCUSSION

A. Overview of Respondents

Table I provides a summary of respondents’ infor-
mation. The gender distribution shows that men consti-
tute the majority, with 46.09%, while women account
for 53.91%. Regarding age groups, most respondents
fall within the 18–27 age range, comprising 56.52%.
It is followed by the 28–37 age group at 25.65%.
In addition, the age distribution highlights a preva-
lence of youngsters, indicating a significant presence
of young individuals at the forefront of embracing
technology [63]. Youngsters are known for being avid
social media users [64] and having higher Internet
access [65], which facilitates their adeptness in master-
ing modern technology. This factor may explain why
the youngster group dominates smartphone technology
use.

Furthermore, examining the educational background
of the respondents reveals that the majority are
undergraduates (61.74%), followed by postgraduates
(26.96%), while 11.30% have a higher school educa-
tion or less. In addition, when it comes to the regular

use of the Peduli Lindungi application, the major-
ity use it for scanning Quick-Response (QR) codes
(67.39%), followed by obtaining COVID-19 vaccine
services (18.26%), and checking COVID-19 test results
(6.09%).

B. Measurement Model

The SmartPLS software is utilized to analyze the
structural model, incorporating established loading fac-
tors for each build component. The findings indicate
that numerous items fall short of the 0.70 criterion
for factor loading values. Notably, items PU5 and
PEOU5 exhibit loading factor values of 0.689 and
0.681, respectively. Despite being slightly below the
0.70 threshold, both items are retained in the SEM
as values in the range of 0.6–0.7 are still considered
acceptable [66].

Moreover, Table II shows the loading factor, AVE,
CR, and CA test results. The assessment of convergent
validity involves comparing the calculated values of
the loading factor and AVE with specified limit val-
ues. Meanwhile, the researchers verify reliability by
comparing the calculated values of CR and CA with
specified limit values. The result of these calculations
for all constructs meets the minimum criteria, indicat-
ing overall acceptability.

Furthermore, discriminant validity is evaluated us-
ing the Fornell-Larker criterion test. As outlined in
Table III, the results validate the discriminant validity
by indicating that the AVE of each latent construct
exceeds the maximum squared correlation with other
latent constructs. With reference to both Tables II and
III, the researchers confirm that the research model
demonstrates reliability, convergent, and discriminant
validity.
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TABLE II
CONVERGENT VALIDITY AND RELIABILITY RESULTS.

Construct Code Indicators
Factor Average Variance Composite Cronbach’s

Loadings Extracted Reliability Alpha
(> 0.7) (> 0.5) (> 0.7) (> 0.7)

BI BI1 Having Intention to use 0.917 0.727 0.888 0.809
BI2 Having Prediction to Use 0.860
BI3 Having Plan for Future Use 0.774

PU PU1 Making Job Easier 0.798 0.649 0.902 0.862
PU2 Being Useful 0.799
PU3 Increasing Productivity 0.898
PU4 Enhancing Effectiveness 0.830
PU5 Improving Job Performance 0.689

PEOU PEOU1 Being Easy to Learn 0.815 0.629 0.894 0.850
PEOU2 Being Easy to Become Skilful 0.829
PEOU3 Being Easy to Use 0.744
PEOU4 Being Adaptable 0.880
PEOU5 Being Clear and Understable 0.681

InfQual InfQual1 Having Sufficient Information 0.860 0.713 0.925 0.899
InfQual2 Having Up-to-Date Information 0.791
InfQual3 Having Reliable Information 0.840
InfQual4 Having Timely Information 0.867
InfQual5 Having Clear Information 0.860

SysQual SysQual1 Being User Friendly 0.845 0.735 0.917 0.880
SysQual2 Being Available Anytime 0.860
SysQual3 Being Highly Reliable 0.869
SysQual4 Having Good Response Time 0.854

SerQual SerQual1 Having Dependable Services 0.880 0.762 0.928 0.896
SerQual2 Having Prompt Service 0.841
SerQual3 Having Responsive Service 0.905
SerQual4 Having Accurate Service Duration 0.865

Note: Behavioral Intention (BI), Perceived Usefulness (PU), Perceived Ease of Use (PEOU), Information Quality (InfQual),
System Quality (SysQual), and Service Quality (SerQual).
Source: The outcomes of data processing using SmartPLS software.

TABLE III
FORNELL-LARKER CRITERION RESULTS.

BI InfQual PEOU PU SerQual SysQual Discriminant Validity

BI 0.852 Valid
InfQual 0.687 0.844 Valid
PEOU 0.675 0.625 0.793 Valid
PU 0.749 0.740 0.582 0.806 Valid
SerQual 0.781 0.815 0.640 0.779 0.873 Valid
SysQual 0.763 0.819 0.752 0.792 0.856 0.857 Valid

Note: Behavioral Intention (BI), Perceived Usefulness (PU), Perceived Ease of Use (PEOU),
Information Quality (InfQual), System Quality (SysQual), and Service Quality (SerQual).
Source: The outcomes of data processing using SmartPLS software.

C. Structural Model

Figure 2 illustrates eight path coefficients in the
structural model. The R2 value serves as an indicator
of the extent to which dependent variables affect the
independent variable. The R2 values are categorized
into three groups: 0.75 for a significant effect, between
0.33 and 0.50 for a moderate effect, and 0.26 for a
weak effect [58]. In Fig. 2, the latent variable of BI
has an R2 value of 0.697. The result indicates that
all latent variables (PU, PEOU, SerQual, InfQual, and
SysQual) collectively explain 69.7% of the variance
in BI. The remaining variance is attributed to other
unanalyzed variables. Moreover, the latent variable of

PU has an R2 value of 0.547, signifying that InfQual
explains 54.7% of the variance in PU. Furthermore,
the latent variable of PEOU has an R2 value of 0.565,
indicating that both InfQual and SysQual collectively
explain 56.5% of the variance in PEOU. It is confirmed
that all R2 values demonstrate a moderate effect.

Next, the bootstrapping procedure is employed to
calculate the t-statistics. It is essential to evaluate
the significance level of the coefficients model and
test research hypotheses. As presented in Table IV
and Fig. 2, five hypotheses (H1, H2, H3, H6, and
H8) are accepted. Meanwhile, three hypotheses are
rejected (H4, H5, and H7). The findings indicate that
PU, PEOU, and SerQual significantly and positively
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Fig. 2. Visualization of data processing results. Behavioral Intention (BI), Perceived Usefulness (PU), Perceived Ease of Use (PEOU),
Information Quality (InfQual), System Quality (SysQual), and Service Quality (SerQual).
Source: The outcomes of data processing using SmartPLS software.

TABLE IV
HYPOTHESES TESTING RESULTS.

Hypothesis Path β T-Value P-Value Supported

H1 PU → BI 0.301 3.848 0.000* Yes
H2 PEOU → BI 0.247 3.521 0.000* Yes
H3 SerQual → BI 0.383 3.583 0.000* Yes
H4 InfQual → BI -0.033 0.360 0.719 No
H5 SysQual → BI 0.038 0.340 0.734 No
H6 InfQual → PU 0.740 21.342 0.000* Yes
H7 InfQual → PEOU 0.030 0.413 0.680 No
H8 SysQual → PEOU 0.727 10.480 0.000* Yes

Note: * is standardized beta values used p < 0.05. Behavioral Intention (BI),
Perceived Usefulness (PU), Perceived Ease of Use (PEOU), Information
Quality (InfQual), System Quality (SysQual), and Service Quality (SerQual).
Source: The outcomes of data processing using SmartPLS software.

influence the intention to use the Peduli Lindungi
application. However, both InfQual and SysQual are
found to have no substantial direct influence on the
intention of using the Peduli Lindungi application.
Interestingly, the results suggest that SysQual has an
indirect influence on the intention to use. Furthermore,
the findings indicate that InfQual does not directly
impact PEOU. Instead, in the context of mobile ser-
vices, InfQual can indirectly shape the intention to use
through its impact on PU.

The results reveal strong support for five hypotheses,
while three are rejected. PU and PEOU emerge as
substantial predictors of BI (H1 and H2). The find-
ings complement previous research, highlighting the
substantial impact of two major components of TAM

on the intention to use technological services. Citi-
zens perceive significant benefits in using the Peduli
Lindungi application, finding it a valuable tool for
accessing health services during crises. In addition, the
application contributes to a sense of comfort and safety,
particularly in the context of the COVID-19 virus. As
a result, the m-government service effectively meets
health service needs, and an increased perception of its
usefulness fosters user intent to reuse [67]. In this case,
usefulness is one of the main factors that motivates
users to use digital services [68]. These factors are
important considerations in the adoption of technology,
providing ”added values” that encourage the uptake
of digital services [69]. Additionally, in the context
of m-government, the empirical test results align with
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previous research [2, 31], supporting the TAM theory.
PU construct measures the system’s usability, while the
PEOU assesses the ease of mobile device operation in
determining the acceptance of the information system.
In essence, users consider the Peduli Lindungi appli-
cation to possess a high level of usefulness and ease
of operation.

Next, SerQual has a noteworthy impact on BI (H3).
SerQual contributes to a memorable experience, leav-
ing users satisfied and inclined to reuse the service
in the future. In this context of the Peduli Lindungi
application, SerQual plays an important role in shap-
ing a positive experience, thereby strengthening the
intention to use the Peduli Lindungi application. How-
ever, InfQual and SysQual do not affect BI (H4 and
H5). It shows that individuals are not motivated to
use Peduli Lindungi mobile technology frequently or
imminently to access health services due to its InfQual
and SysQual. Additionally, despite the widespread use
of smartphone-based services, users encounter chal-
lenges in identifying information within the mobile
application systems that support them. Consequently,
the findings show a significant impact of SerQual on
BI, aligning with previous research [30, 44, 47]. In
contrast, there is no influence of InfQual on BI, contra-
dicting previous studies [44, 46, 47]. Additionally, the
minimal effect of SysQual on BI contradicts previous
studies [46, 47], but aligns with a previous finding [44].
Service systems do not affect the intention to use
banking chatbot services, attributing it to the absence
of features that increase user intentions [44]. Moreover,
challenges like low user literacy and decreased public
trust in system security and privacy are prevalent in
developing countries such as Indonesia. On top of that,
existing research confirms that security and privacy
issues influence users’ intentions to adopt ICT [2, 13].
This factor may contribute to understanding why high-
quality information does not affect BI.

Furthermore, the findings indicate that InfQual sig-
nificantly affects PU (H6), but InfQual does not have
an impact on PEOU (H7). High-quality information
exhibits a commendable level of accuracy and is easy
to comprehend, enhancing user decision-making in
using m-government services. As a result, InfQual
plays a pivotal role in augmenting the performance
of Peduli Lindungi in providing health services ef-
fectively. Despite the commendable InfQual, citizens
find it difficult to use the Peduli Lindungi application
because its ease of use is not solely dependent on
InfQual. Instead, it is closely related to interface design
and user experience, potentially influencing ease of
use in the Peduli Lindungi application. Moreover, the
findings regarding the impact of InfQual on PU align

with previous research [42, 52]. InfQual positively
affects perceived usefulness in the mobile internet
context [52]. The results show β is 0.030, with a t-value
of 0.413 and a p-value of 0.680, implying that InfQual
has a minimal effect on ease of use. Given that results,
these findings contradict previous studies [42, 48, 53].

Finally, the findings also show that SysQual signif-
icantly affects PEOU (H8). These findings align with
the previous studies that identify SysQual as a signifi-
cant predictor of PEOU [42, 53]. Moreover, SysQual,
facilitated by technology and ICT supporting devices,
minimizes operational obstacles and system failures.
As a result, the Peduli Lindungi application operates
seamlessly and effortlessly. Moreover, SysQual stands
out as a critical factor contributing to the success of
m-government system technology, serving as a bench-
mark for the system’s ability to provide ease of use for
the technology embraced by customers.

IV. CONCLUSION

The research explores the factors influencing the
adoption of m-government services. The availability of
mobile services offers many benefits, facilitating easy
access to health services during crises. In addition,
the presence of mobile services improves SerQual,
aligning with citizens’ expectations and needs. These
factors contribute to increased citizens’ satisfaction
with cellular services, fostering the intention to reuse
these services in the future. However, several factors
are believed not to contribute to the increased intention
to use cellular services fully. The research findings sup-
port five hypotheses while rejecting three hypotheses.

The suggestions should be carefully considered, and
actions need to be taken to enhance all factors signif-
icantly affecting the adoption of the Peduli Lindungi
application. For instance, the Indonesian central gov-
ernment and the COVID-19 handling committee can
improve InfQual on the Peduli Lindungi application
by using simple language that users easily under-
stand, thereby increasing the ease of understanding
information for the public accessing the application.
Additionally, evaluating the user interface design of
the Peduli Lindungi application is crucial, offering ad-
vantages in improving user experience and satisfaction
and facilitating application operations. Those factors
become essential in influencing a user’s behavioral
intention to use mobile-based health services sustain-
ably. Furthermore, improving the security system of the
Peduli Lindungi application by the Indonesian central
government and the COVID-19 handling committee
can address users’ concerns about security and privacy
issues, creating a heightened sense of comfort for users
when using the application.
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Finally, the research has some limitations that should
be acknowledged. First, the sample size may not
fully represent the entire population of Peduli Lin-
dungi users, potentially impacting the interpretation
and generalization of research findings. Hence, caution
is needed to extrapolate and interpret the results. Future
research is recommended to use a larger and more
diverse sample for improved representativity. Second,
the proposed model, integrating the IS Success model
and TAM, successfully validates two positive rela-
tionships: InfQual and PU and SysQual and PEOU.
While this model can be employed in subsequent
research, it is essential to note that the research relies
on the IS Success model and TAM as theoretical
frameworks. In addition, investigation into critical fac-
tors influencing m-government services is still needed.
Hence, future research is expected to consider another
theoretical model that may contribute to a more com-
prehensive understanding of critical factors affecting
m-government service acceptance, providing diverse
research findings.
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